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.

1w e (19)

%

(202) x, (k +1) = x, (k) — aVF (x,(k)) + Jx, (k) + Ce(x, (k))

(20b) x, (k + 1) = —aVF (x, (k) + , (k) + C@“\

:(\)V‘j

O G
Sl (20b) , (20a) aﬁ@ﬂ& i ¢S m = (my,my)
m, =0,aVF(x,(k)) = (xMa
)

1. Proproortienal Factor

%
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KT (sl Uil W@Q&S\m) Ky

$1() = my , xo(K) = my 6000 ‘
ot
XD -xi0=0 | |

Xo(k+1) - x

%

1l el 5 (20D) , (202) S¥slae s K L

(21a) (1- 6)x, (k) = —aVF (x,(k)) + Ce(x, (k)) CO“\
| )

(21b) = &, (k) = ~aVF(x,(k)) + @

: ﬁwgdaw 51 21b) dslee 03 S V5

; L
. a Xz(k) =0 mp = 0

s 25 ke 21b) b 5 (218) sl 13 Xa(k) = 0 K L
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(232) ¥, (k+1) =¥, (k) — aVF (m, + ¥, (k)) + OF, (k) + Ce(m, + ¥ (k))

(23b) W, (k +1) = —aVF(m, + ¥,(k)) + 8%, (k) + Ce(m, +

JyM‘j:-J:)g.JJ‘}«pﬂb(23) (233);)}!.)\&»( 'gdyéjl.wggha-b

(24a) ¥, (k +1) =~ ¥, (k) - W@Qﬂ (k) + CVe(m,)(¥,(k))
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238 a5, Rprop ‘.:wjiu

Rprop Algorithm
1. Choose some small initial,valtig:for every update step size Aji(0).

2. Adapt the step,size:

L OF(k) OF(k-1) Lo .
ldeﬁ(k)'dWﬁ(k—l)ZO Aji(k) = Aji(k-1).(delt.inc)

. SF(k) OF(k-1)

if 57 (&) 3, (=) <0 Ajitk)=Aji(k-1).(delt.dec)

Ajl(k) = Amaxa Ajl(k) > Amax
Ajl(k) = Amina Ajl(k) < Aminx
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. SF(k) A = A
lf—5Wﬁ A\ 0 JAW;1(K) = -Aji(k)
. OF(k) N A
lf—é'Wﬁ DA 0~ AWji(k) = Aji(k)
AWji(k) =0 else

Amax = 50, Ain = 0.000001, delt- inc = 1\2¢delt-dee= 0.5 .

1. Resilient Back-Propagation Algorithm
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